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Local governments have a number of urban problems, such as crime, traffic jam, and littering. However,
various factors are socially intertwined; thus, structural management of the related data is required for
solutions to such problems. Moreover, to implement the action plans, local governments need to grasp the
cost-effectiveness. Therefore, this paper aims to construct Linked Open Data (LOD) that include causal
relations of urban problems and the related cost information in the budget. We first designed LOD schema
that represents the urban problem causality and budgets information. Next, we constructed LOD based on
designed schema using NLP and crowdsourcing. Finally, we provided some use cases of our LOD to consider
solutions of urban problems.
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urban problem words

# of documents including | # of sentences including | # of extracted words
synonyms of “factor” and

“influence”
Factor |1,438 4,481 3,110
Influence | 2,465 9,082 4,661
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